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Executive Summary

This whitepaper synthesizes insights from a roundtable discussion among technology

leaders, architects, program managers, and innovation practitioners representing enterprise

technology, banking, healthcare, and product companies. The discussion was convened

around the central theme of preparing organizations and individuals for the AI-driven

transformation of work and innovation.

Participants explored how artificial intelligence is actively reshaping job roles, organizational

structures, and the pace of delivery. The conversation surfaced a convergence of views: AI

is not eliminating human value but fundamentally redefining where human judgment,

creativity, and leadership are most needed.

S I X  C R I T I C A L  T H E M E S

The group identified six interconnected themes as the most critical for leaders and

practitioners to act upon:

Role transformation — from task executors to strategic enablers and directors

The leadership-execution gap — leaders overestimating short-term AI impact

while underestimating long-term disruption

The mid-level crisis — middle managers are the critical bridge between AI-

generated output and business value

Workforce repurposing — organizations must invest in reskilling rather than

replacing people

The specification and context problem — AI effectiveness is constrained by the

quality of inputs, specs, and data context

Governance and validation — human oversight remains essential, especially in

regulated industries



Introduction

Background and Context

The pace of AI adoption across industries has accelerated dramatically. Large language

models, agentic frameworks, and AI-assisted development tools are now embedded in

enterprise workflows at scale. Organizations across sectors — from financial services and

healthcare to software product companies and manufacturing — are navigating an

environment where traditional assumptions about roles, productivity, and delivery timelines

are being challenged simultaneously.

The roundtable brought together practitioners from varied organizational contexts: enterprise

technology leaders managing large data estates, startup founders building AI-native

healthcare research platforms, mid-level architects serving as bridges between executive

vision and ground-level delivery, and engineers experiencing firsthand the pressures created

by AI-inflated expectations.

Purpose of This Roundtable

The discussion was structured to move beyond theory and surface practical, real-world

observations. Participants were encouraged to share examples from their own organizations

— successes, failures, and the nuanced in-between. The goal was to identify actionable

insights for three audiences: organizational leaders setting AI strategy, mid-level

practitioners implementing and governing AI initiatives, and individual contributors navigating

the transformation of their roles.

The conversation did not produce a consensus playbook. Instead, it surfaced the productive

tensions — between speed and quality, efficiency and human value, optimism and realism

— that leaders must hold simultaneously as they steer through this period.



Key Themes and Insights

One of the most significant shifts discussed was the evolution of professional

roles across the organization. The roundtable challenged the notion that AI would

simply eliminate roles and instead proposed a more nuanced transformation

model.

The project manager role was offered as a primary example. Rather than

disappearing, the role evolves into a 'project enabler' — a professional who, freed

from the administrative and coordination overhead now handled by AI tools, can

simultaneously oversee 10 to 20 projects. The value being contributed shifts from

execution management to validation, judgment, and human accountability.

A parallel transformation was proposed for software developers. Participants

argued that the relevant future role is not the developer who writes code line by

line, but the 'software director' or 'goal director' — someone who defines

objectives, validates AI-generated output against business intent, and steers

technology toward the right outcomes. This distinction carries significant

implications for hiring, training, and career development frameworks.

The consensus was that nearly every organizational role will be transported into a

higher-leverage version of itself — but only for those who develop the skills to

operate at that level. Organizations achieving this transformation can expect

efficiency gains of 20x or more compared to current baselines.
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A recurring pattern across participant organizations was the disconnect between

what leaders believe AI is delivering and what is actually happening at the ground

level. This gap has real operational consequences.

One participant described a situation in their data engineering team where; after

deploying AI-generated data quality checks across a 1,000-table data for a real
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The Leadership-Execution Gap: Misaligned Expectations and

Misread Metrics



estate client, leaders celebrated that 700+ tables had been implemented. From an

executive dashboard perspective, the initiative appeared successful. However, at

the operational level, many of those data quality checks were not functioning

correctly — AI had generated output that looked complete but was not performing

its intended purpose.

The responsibility for closing this gap was identified as falling primarily on mid-

level leaders — the architects, technical program managers, and senior engineers

who have visibility into both the executive reporting layer and the ground-level

reality. They are the critical bridge, and their ability to translate, educate, and

calibrate organizational expectations is what determines whether AI investments

generate genuine value.

A second dimension of this gap is the expectation inflation that comes with AI

tooling investment. One participant described a scenario where $13,000 per

developer per month had been allocated for AI agent tools, leading leaders to

expect that delivery timelines — previously measured in weeks or months —

should now collapse to hours. The resulting pressure on engineering teams is not

just unrealistic but counterproductive, as it discourages the deliberate design and

specification work that AI-assisted development requires.

The discussion surfaced a growing concern about the specific pressures facing

mid-level professionals — those sitting between executive leadership and entry-

level practitioners. This layer is simultaneously the most at risk and the most

valuable in an AI-transformed organization.

On one hand, mid-level roles that are primarily coordination or status-reporting

functions are being displaced by AI systems that can perform those functions

automatically. Organizations are recognizing that the value of a mid-level role

must now be demonstrably human: judgment, context, cross-functional

translation, and stakeholder management.

On the other hand, this layer is being asked to absorb significantly more

responsibility. One participant noted that their organization's architects —

previously focused on technical design — are now expected to fulfill both

technical program management and architectural leadership simultaneously. The

expectation of wearing multiple hats is becoming the norm rather than the

exception.
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Participants also highlighted the mentoring dimension: entry-level and junior

professionals need structured guidance on how to build maintainable, scalable,

and well-architected software. In an environment where AI can generate

functional code quickly, the risk is that junior developers optimize for speed of

generation rather than quality of design. Mid-level practitioners are the primary

channel through which architectural literacy should be transmitted.

A strong counterpoint to narratives of AI-driven job loss emerged from the

discussion. Several participants shared concrete examples of workforce

repurposing — moving people from automated, repetitive work into higher-value

activities — with notably positive outcomes.

One participant described how automating back-office operations at their

organization freed team members to contribute to pre-sales and proposal

development. Rather than experiencing the automation as a threat, those

employees described the transition as a significant improvement in the quality and

meaning of their work.

A large global technology services firm was cited as repurposing 30,000

employees every quarter — not through layoffs, but through redeployment into

solution-focused roles. These individuals, previously engaged in fragmented task

execution, are now contributing to integrated problem-solving at a higher level.

The productivity and engagement outcomes reported were strongly positive.

The discussion emphasized that this kind of transformation does not happen

automatically. It requires deliberate investment in learning pathways, structured

transition programs, and leadership willingness to absorb the short-term

productivity cost of reskilling. Organizations that treat repurposing as a strategic

priority will retain institutional knowledge while building the human capabilities that

AI cannot provide.
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The Specification and Context Problem: Garbage In, Garbage Out

— At Scale



One of the most technically grounded threads of the discussion focused on a

fundamental constraint in AI system performance: the quality of inputs determines

the quality of outputs, and most organizations are not investing sufficiently in input

quality.

Participants identified two interconnected dimensions of this problem. The first is

the specification gap: organizations are deploying AI to generate code, data

pipelines, and analyses without the structured, reviewed specifications that would

be considered non-negotiable in traditional engineering or manufacturing

contexts. The analogy offered was instructive — a physical product, such as a

precision component or a lampshade, requires blueprints, detailed specifications

reviewed to the millimeter level, and quality control before manufacturing.

Software, by contrast, has developed a cultural tolerance for under-specification

that AI amplifies rather than resolves.

The second dimension is the context gap: AI systems, including large language

models, operate without the organizational context that a new human team

member would acquire through onboarding. They do not inherently understand

the relationships between systems, the history of decisions, or the implicit

requirements that experienced practitioners carry in their heads. Addressing this

requires organizations to invest in structured knowledge representation —

ontologies, canonical data models, knowledge graphs, and context architectures

— that give AI systems the foundation they need to generate reliable output.

The Palantir Foundry model was offered as an illustrative example: a data

operating system that builds a context graph for organizations — initially for

government clients and now expanding to enterprise — that enables AI to operate

with the contextual grounding most organizations currently lack. The implication

for other organizations is clear: the data and context infrastructure gap is a

genuine competitive disadvantage that will compound over time.

Across multiple industry contexts, participants raised the issue of AI governance

— the structures, processes, and responsibilities needed to ensure that AI-

generated outputs are accurate, appropriate, and aligned with organizational and

societal obligations.

In the healthcare context, one participant highlighted the heightened stakes: AI-

assisted decisions in clinical or research settings have direct patient impact. The
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governance question is not abstract — it determines whether AI deployment

improves or endangers outcomes. The consensus was that leadership in

regulated industries carries a specific responsibility to establish clear boundaries

between what AI can be trusted to do autonomously and what requires mandatory

human review.

In the banking sector, participants described a mindset challenge: organizations

shaped by decades of risk-averse culture are struggling to adopt AI at a pace that

keeps them competitive, while also maintaining the governance controls their

regulatory environment requires. The fear of falling behind coexists with the fear

of moving too fast, creating a paralysis that effective leadership must actively

address.

A broader governance point emerged around the enterprise scaling problem.

POC-to-production is where AI initiatives most commonly fail. Many organizations

can demonstrate compelling proof-of-concept results, but encounter significant

challenges — performance degradation, data quality issues, integration failures,

hallucination at scale — when attempting to deploy at enterprise scope. Treating

POC success as a proxy for enterprise readiness is one of the most common and

costly mistakes in current AI adoption.



Strategic Lens: Are We Overestimating and

Underestimating AI Simultaneously?

Strategic Recommendations

FOR ORGANIZATIONAL LEADERS

S T R AT E G I C  O B S E RVAT I O N "One of the sharpest analytical observations of the roundtable was the

proposition that organizations are simultaneously overestimating AI in the short

run and underestimating it in the long run. This paradox has important strategic

implications.

Short-run overestimation manifests as: inflated delivery expectations,

premature celebration of deployment metrics, undifferentiated hype in sales and

marketing, and the assumption that AI tooling investment automatically

translates into productivity gains. The 700-table data quality example cited

earlier is emblematic — the metric looked impressive, the underlying reality was

not.

Long-run underestimation manifests as: insufficient investment in data and

context infrastructure, lack of strategic vision for how AI will reshape entire

markets, and failure to recognize that the organizations building structural AI

advantages today — through knowledge graphs, context architectures, and

systematic data governance — will have compounding advantages that late

movers will struggle to overcome.

The Amazon-internet analogy was offered as the appropriate reference point:

Amazon did not win by being the first to use the internet, but by building

infrastructure that became the foundation for an entire ecosystem. The question

posed to the room — and left deliberately open — was: which organization, in

which industry, is building the equivalent AI infrastructure advantage right now?



Reframe the narrative: shift from AI as a headcount reduction strategy to AI as a

workforce multiplication strategy. Invest in repurposing, not replacing.

Establish honest metrics: distinguish between deployment metrics (how many AI

features have been shipped) and outcome metrics (what business value has been

generated). The two are not the same.

Bridge the leadership-execution gap by creating formal mechanisms for mid-level

practitioners to escalate ground-level reality to executive decision-makers without
career risk.

Invest in context infrastructure: treat data governance, ontology design, and
knowledge graph development as strategic initiatives, not IT housekeeping.

Set calibrated expectations: communicate to business stakeholders that AI tools
accelerate delivery but do not eliminate the need for design, specification, and

validation work.

Develop governance frameworks before scaling: do not wait for enterprise-scale

deployment to build the oversight mechanisms that regulated environments

require.

FOR MID-LEVEL PRACTITIONERS

Embrace the role of translator and educator: the ability to communicate ground-

level AI realities to executive stakeholders is among the most valuable skills in the
current environment.

Invest in specification discipline: develop and enforce structured specification
practices within your teams, treating them as non-negotiable prerequisites for AI-

assisted development.

Mentor junior practitioners on architecture, design principles, and the judgment that

distinguishes good software from functional code.

Build your multi-hat capability: the expectation of combining technical depth with

program management and business communication is not temporary — it is the

new baseline.

Stay grounded in validation: develop team-level practices for validating AI output

systematically, using both human review and AI-assisted validation frameworks.



FOR INDIVIDUAL CONTRIBUTORS AND PRACTITIONERS

Develop strategic thinking: the shift from task completion to problem framing is the

most important individual capability transition of the AI era.

Invest in prompt architecture and AI collaboration skills — not as a passing trend

but as a core professional competency.

Understand the context, specification, and validation framework: practitioners who

can contribute to all three layers of AI-effective development will be significantly
more valuable than those who can only use AI tools.

Seek mentors and exposure to senior thinking: the combination of AI capability and
architectural wisdom is the defining profile of the high-impact practitioner in the

next decade.

FOR POLICYMAKERS AND EDUCATIONAL INSTITUTIONS

Redesign learning outcomes: move from optimizing for task completion and correct

answers toward developing strategic thinking, problem framing, and collaborative

judgment.

Create structured pathways for workforce transitions: the repurposing challenge is

real and will affect all sectors. Policy support for structured reskilling is needed at
scale.

Develop AI governance standards that enable responsible adoption rather than
creating compliance barriers that disproportionately disadvantage smaller

organizations.

Conclusion

The roundtable made clear that the AI-driven transformation of work is not a future event —

it is happening now, at different speeds and with different consequences across industries,

organizational layers, and individual roles. The participants who gathered represented the

middle of this transition: experienced enough to see the structural shift clearly, operational

enough to be navigating it in real time.



The dominant emotion in the room was not fear, but urgency combined with realism. The

consensus was that organizations and individuals who develop the right human capabilities

— strategic judgment, contextual leadership, rigorous specification, and governance

discipline — will not merely survive the transition but will be positioned to lead it.

The warning embedded in the discussion is equally clear: organizations that mistake

deployment activity for strategic progress, that allow the leadership-execution gap to persist

unchallenged, or that underinvest in the context and data infrastructure that gives AI its

power, will find themselves at a compounding disadvantage that becomes harder to close

over time.

The invitation from this roundtable is for leaders at every level to ask themselves two

questions: What am I doing today to develop the human capabilities that AI cannot replace?

And what structural investments is my organization making that will be as durable and

generative as Amazon's early infrastructure bets on the internet?

About This Roundtable

This whitepaper was produced from a facilitated roundtable discussion among

senior technology practitioners, enterprise architects, program managers, and

innovation leaders. Participants represented organizations across financial

services, enterprise software, healthcare, manufacturing technology, and

consulting.

The discussion was conducted under modified Chatham House rules: insights,

perspectives, and examples are shared freely in this document, but individual

names and organizational attributions have been removed to encourage candid

participation.

This document represents a synthesis of the discussion and should not be

construed as the formal position of any participating organization. It is intended

for internal distribution and learning purposes within the participating group prior

to broader release.
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